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Motivation

In remote sensing, because of physical properties of targets,

sensor pixels in spatial proximity to one another are class

conditionally correlated.

Our main objective is to exploit this spatial correlation.

Therefore, a two-dimensional causal �rst order Markov model

was used to extract the spatial and spectral information and,

based upon it, new object classi�ers with improved

performance were developed.

First, the minimum distance (MT) and the maximum
likelihood (ML) object classi�ers are discussed.
Then, based on the proposed model, these two classi�ers are
modi�ed.

Data: Landsat MMS (4 bands) and aircraft (12 bands).
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Data

Spatially registered multitemporal Landsat multispectral

scanner (MSS) data acquired over Henry County, Indiana, in

1978 and the aircraft data set of the 1971 Corn Blight Watch

�ightline 210 were selected.
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Experiment 1 - Landsat - non separable
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